LAl 5o g sdiboln

AN b I 1o ol )5 ol

awd gl Guile, Blas 4 )0 (63b) 73U ools acgeamme So sln b (Shs (e parseds
0 el b Sy S5 gaegerme I SzsS (sl dsgaze s ol anTd (g ol ol san
CLille (Shy sl asgeze ) (n e (Dl Glad )5 g o Sy Sl gl (b)) 5l sk
(Oh9y Ol 09 (o eolitul b (Fhg bl jekaie ay ((LgBS (6 S0l by, i (pl jo 0igh o
ST g, 5l ool a8 e eslitul 42338 Sl jl 5 08,8 s | allas o slid
aluse ol jo 098 co Ol ld  Shg 3l dcgamma ) oy it g 00l Giolow dlluws cl> slad S,
J> lp g ez SIS Gl s 098 (g0 i8S L5 50 89S )le penal an 8 G il
oS Sz b @by @b S all (Sae SV ) gl 0sd (o0 ooliil Wlas (Fozey S5t
ol 00 oolaiil a5 ook 9 SVML k-means g, 5l dlae ol jo .ol (549,20

VYVEY 28 -V aabpbl golod
VYA /Y0 g les g,

HNPIe 5 = FgalS caige  mas (gaid
SRRV IR RERU W K

IR 'aLm> )350 M‘) Stiw!

@L‘u J"S‘uaJ& ISt )5"‘“‘0 Sl

M.A. Thesis:

using reinforcement learning to find an optimal set of
features

Detecting the best features for a data set has a great impact in minimizing the classification
error. Feature selection is the process of selecting a small sub set of a large set of features.
In many feature selection methods, the best sub set of features are selected by searching in
the state space. In this paper, the reinforcement learning method is used to select features.
This method searches for problem state space and draws on past experiences. Using the
time difference method, the problem state space is scrolled and the best subset of features is
selected. Initially, the problem is seen as a Markov decision process (MDP). Then an
optimal search graph is used to solve the problem of complexity. To evaluate possible
scenarios, it is necessary to provide an evaluation function with low complexity. In this

paper,



SVM, k-means and k nearest neighbor methods are used. The k nearest neighbor was the
best



